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https://aws.amazon.com/marketplace/solutions/machinelearning/
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https://docs.aws.amazon.com/sagemaker/latest/dg/model-checkpoints.html
https://docs.aws.amazon.com/sagemaker/latest/dg/model-managed-spot-training.html
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e Amazon SageMaker Pricing

e Use the Amazon SageMaker local mode to train on your notebook instance

e Making the most of your Machine Learning budget on Amazon SageMaker

e Lowering total' cost of ownership for machine learning and increasing productivity
with Amazon SageMaker
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https://aws.amazon.com/sagemaker/pricing/
https://aws.amazon.com/blogs/machine-learning/use-the-amazon-sagemaker-local-mode-to-train-on-your-notebook-instance/
https://medium.com/@julsimon/making-the-most-of-your-machine-learning-budget-on-amazon-sagemaker-a6982bdd5edd
https://aws.amazon.com/blogs/machine-learning/lowering-total-cost-of-ownership-for-machine-learning-and-increasing-productivity-with-amazon-sagemaker/
https://aws.amazon.com/blogs/machine-learning/lowering-total-cost-of-ownership-for-machine-learning-and-increasing-productivity-with-amazon-sagemaker/
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https://d1.awsstatic.com/whitepapers/aws-managing-ml-projects.pdf



